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Abstract 

The rapid expansion of international trade and digitalization has significantly 

increased the complexity of trade finance operations in India, exposing financial 

institutions to operational and financial risks such as fraud, documentation errors, 

credit defaults, and regulatory non-compliance. India’s merchandise exports reached 

approximately $437 billion in FY 2023–24, highlighting the need for a secure and 

efficient trade finance system. However, traditional systems remain largely manual 

and fragmented, resulting in inefficiencies and higher risk exposure. This study 

examines the role of Artificial Intelligence (AI) in mitigating these risks within India’s 

trade finance sector. The findings reveal that AI-driven technologies, including 

machine learning, predictive analytics, and natural language processing, reduce 

documentation errors from 12–15% to 3–5% and decrease processing time from 7–

10 days to 1–2 days, improving efficiency by nearly 75%. Additionally, AI enhances 

fraud detection accuracy from 60–70% to 85–95% and reduces default rates by 20–

30%, strengthening financial risk management. Transaction costs have also declined 

by approximately 35%, while compliance verification time has reduced by nearly 

70%. The Indian trade finance market, valued at around $1.98 billion in 2024, reflects 

increasing AI adoption, while the global market is projected to reach $31.86 billion by 

2030. Despite these benefits, challenges such as data privacy risks, cybersecurity 

threats, and regulatory gaps persist. The study concludes that AI is a critical enabler 

for enhancing efficiency, transparency, and resilience in India’s trade finance 

ecosystem, though its sustainable adoption requires strong governance frameworks 

and regulatory oversight. 

 

Keywords: Artificial Intelligence, Trade Finance, Risk Management, Operational 

Risk, Financial Risk. 

 

Introduction 

The global trade finance ecosystem is undergoing a profound transformation 

driven by rapid digitalization, increasing cross-border trade volumes, and the 
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integration of advanced technologies such as AI. In the Indian context, this 

transformation is particularly significant, as the country continues to expand its 

footprint in global trade while simultaneously modernizing its financial infrastructure. 

Despite this growth, trade finance in India remains characterized by operational 

inefficiencies, fragmented processes, heavy documentation, and exposure to 

financial risks, including fraud, credit defaults, and compliance failures. Traditional 

systems, largely dependent on manual verification and paper-based documentation, 

have proven inadequate in addressing the complexities of modern trade transactions.  

 In recent years, AI has emerged as a critical enabler in reshaping the 

financial services sector, including trade finance. The Reserve Bank of India (RBI) 

has acknowledged that AI has the potential to revolutionize financial operations 

through applications such as credit scoring, fraud detection, and personalized 

financial services. The growing adoption of AI in India’s banking and financial 

ecosystem is evident from recent surveys indicating that around 20-21% of financial 

institutions have already deployed AI systems, while nearly 67% are actively 

exploring its potential applications. These developments reflect a strong shift toward 

data-driven decision-making and automation in risk-sensitive areas such as trade 

finance. 

 Trade finance operations inherently involve multiple stakeholders, including 

exporters, importers, banks, insurers, and regulatory authorities, making them 

vulnerable to operational risks such as documentation discrepancies, processing 

delays, and human errors. Additionally, financial risks such as counterparty default, 

money laundering, and trade-based fraud further complicate the ecosystem. In India, 

exporters continue to face challenges related to inefficient documentation processes 

and regulatory inconsistencies, which hinder competitiveness in global markets. AI-

powered tools, including machine learning algorithms and natural language 

processing, are increasingly being deployed to automate document verification, 

detect anomalies, and enhance compliance, thereby reducing both operational and 

financial risks.  

Furthermore, India’s robust digital public infrastructure, including Aadhaar, 

UPI, and account aggregators, provides a strong foundation for integrating AI into 

financial processes. AI can leverage alternative data sources such as GST filings and 

transaction histories to improve creditworthiness assessment and expand access to 

trade finance, particularly for small and medium enterprises (SMEs). This is crucial in 

a country like India, where MSMEs contribute significantly to exports but often face 

credit constraints due to limited formal financial records. 

 However, the increasing reliance on AI also introduces new challenges and 

risks. Issues such as data privacy, algorithmic bias, cybersecurity threats, and model 

opacity pose significant concerns for financial stability. The RBI has emphasized that 

while AI can enhance efficiency and risk management, it also introduces 
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vulnerabilities such as cyberattacks and systemic risks arising from over-reliance on 

technology. To address these concerns, regulatory frameworks such as the 

Framework for Responsible and Ethical Enablement of AI (FREE-AI) have been 

introduced to ensure safe, transparent, and accountable AI adoption in the financial 

sector. In this evolving landscape, the role of AI in mitigating operational and financial 

risks in trade finance has become increasingly critical. By enabling automation, 

enhancing predictive analytics, and improving transparency, AI offers a strategic 

pathway to strengthen India’s trade finance ecosystem. At the same time, achieving 

sustainable benefits requires a balanced approach that combines technological 

innovation with robust governance and regulatory oversight. 

Objectives of the Study 

• To examine the role of AI in reducing operational risks such as 

documentation errors, delays, and process inefficiencies in trade finance in 

India. 

• To analyse the effectiveness of AI-based tools in mitigating financial risks, 

including fraud detection, credit risk assessment, and default prediction. 

• To evaluate the adoption and impact of AI technologies in enhancing 

transparency, compliance, and decision-making within the Indian trade 

finance ecosystem. 

• To identify the challenges, limitations, and regulatory considerations 

associated with the implementation of AI in trade finance in India. 

Research Methodology 

 This study employs a descriptive and analytical research design to explore 

the role of Artificial Intelligence in mitigating operational and financial risks in trade 

finance in India. The research relies on information gathered from credible sources 

such as reports of the RBI, World Bank publications, industry reports, research 

journals, and recent publications from financial institutions and consulting firms. The 

analysis is primarily based on secondary data collected from these sources. The 

study also incorporates recent statistics and emerging trends related to AI adoption 

and trade finance in the Indian context. A qualitative approach has been applied to 

examine the data, focusing on identifying patterns, technological applications, and 

risk mitigation outcomes associated with AI integration. Comparative analysis has 

been conducted to highlight the differences between traditional trade finance systems 

and AI-driven processes.  

AI-Driven Automation in Documentation and Process Efficiency 

 AI has significantly transformed documentation-intensive processes in India’s 

trade finance ecosystem, where nearly 60-70% of trade finance operations were 

traditionally paper-based. Manual verification of invoices, bills of lading, and Letters 

of Credit (LCs) historically resulted in error rates of 12-15%, leading to delays and 
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transaction rejections. AI-enabled technologies such as Optical Character 

Recognition (OCR) and Natural Language Processing (NLP) now reduce these 

discrepancies to below 5%, reflecting a major operational improvement. 

In India, where export documentation involves multiple regulatory bodies, AI 

reduces turnaround time from an average of 7-10 days to 24 48 hours. Machine 

learning models process thousands of documents simultaneously, improving 

efficiency by over 65%. For example, AI-based LC document checking systems used 

by Indian banks have reduced discrepancy rates by nearly 50-60%, significantly 

lowering operational risks. Additionally, AI-driven platforms enable real-time 

collaboration among exporters, banks, and regulators, reducing administrative 

workload by around 40%. This automation is particularly beneficial for MSMEs, which 

account for over 45% of India’s exports, as it simplifies complex documentation 

processes and improves access to trade finance. 

Reduction of Processing Delays and Transaction Costs 

 AI has brought measurable improvements in reducing delays and operational 

inefficiencies in Indian trade finance. Traditional systems often required sequential 

approvals, leading to transaction cycles of 5-12 days, whereas AI-enabled systems 

have reduced this to 1-3 days, improving processing speed by 70-80%. Below Table 

1 demonstrates the quantitative impact of AI adoption on operational efficiency in 

India’s trade finance sector. 

Table 1: Impact of AI on Operational Efficiency in Trade Finance 

Operational Parameter Traditional System 
(Pre-AI) 

AI-Enabled 
System 

Impact 

Document Processing Time 7–10 days 1–2 days 75% decrease 

Error Rate in Documentation 12–15% 3–5% 65% decrease 

Transaction Cost per Deal ₹8,000–₹12,000 ₹5,000–₹7,000 35% decrease 

Compliance Verification Time 3–5 days Same day / 24 
hrs. 

70% decrease 

Manual Intervention 
Requirement 

80–90% 20–30% 60% decrease 

Source: RBI reports, industry estimates, and secondary data (2023–2025) 

 As presented in above Table 1, AI significantly reduces processing time and 

transaction costs, resulting in faster credit disbursement cycles. For Indian exporters, 

especially MSMEs, this translates into improved working capital efficiency and 

reduced dependency on informal financing. Studies indicate that faster processing 

can improve liquidity cycles by 20-30%, directly impacting export competitiveness. 

Furthermore, AI-powered predictive analytics helps banks anticipate transaction 

delays with accuracy levels of over 80%, enabling proactive decision-making. This 

reduces bottlenecks and enhances overall system efficiency in high-volume trade 

environments like India. 
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Minimization of Human Errors and Operational Risk Exposure 

 Human error has historically contributed to nearly 65-70% of operational risks 

in trade finance globally, with India being no exception. AI systems significantly 

mitigate this risk by ensuring standardized and automated processing. The adoption 

of AI-based anomaly detection tools has reduced fraud-related discrepancies by up 

to 50% in pilot implementations across Indian banks. 

 AI algorithms analyse large datasets, including GST filings and transaction 

histories, to detect inconsistencies with accuracy rates exceeding 85-90%. This is 

particularly important in addressing trade-based money laundering, which accounts 

for a significant portion of financial irregularities in cross-border trade. Moreover, AI-

driven compliance systems reduce regulatory breaches by approximately 40-60%, 

ensuring adherence to KYC and AML norms set by regulatory authorities. Automated 

compliance verification also reduces audit time by 30-50%, enhancing institutional 

efficiency. 

Analytically, AI shifts operational risk management in India from a reactive 

approach to a predictive one. With error detection accuracy nearing 90% and process 

efficiency gains exceeding 70%, AI not only minimizes operational risks but also 

strengthens the resilience of India’s trade finance ecosystem. This data-driven 

transformation is essential for sustaining India’s growing trade volume, which crossed 

$437 billion in exports in FY 2023-24, reinforcing the strategic importance of AI 

integration. 

AI-Based Fraud Detection and Prevention Mechanisms 

 Financial risks in India’s trade finance sector are significantly driven by 

fraudulent activities such as invoice manipulation, duplicate financing, and trade-

based money laundering. Traditionally, fraud detection relied on rule-based systems 

and manual audits, which were limited in scope and reactive in nature. AI, particularly 

machine learning (ML) and deep learning models, has transformed fraud detection 

into a proactive and real-time process. 

 AI systems in Indian banks analyse high-volume transactional data, including 

GST records, shipping documents, and payment histories, to identify hidden patterns 

and anomalies. These systems operate with accuracy levels of 85-95%, significantly 

outperforming traditional fraud detection mechanisms that typically achieved 60-70% 

accuracy. For instance, AI can flag inconsistencies between invoice values and 

market prices, reducing the risk of over-invoicing and under-invoicing practices 

prevalent in cross-border trade. 

 Moreover, AI-driven fraud detection tools have reduced financial fraud losses 

in pilot implementations by approximately 40-55%. Real-time monitoring capabilities 

allow financial institutions to detect suspicious transactions within seconds, compared 

to several days in traditional systems. In India, where trade volumes are rapidly 
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expanding, such real-time capabilities are crucial for safeguarding financial stability 

and enhancing trust in trade finance operations. 

AI-Enhanced Credit Risk Assessment and Default Prediction 

 Credit risk remains one of the most critical financial risks in trade finance, 

particularly in India where MSMEs contribute nearly 45% of exports but often lack 

formal credit histories. AI-based credit assessment models utilize alternative data 

sources such as GST filings, bank transaction histories, and digital payment 

footprints to evaluate borrower creditworthiness more accurately. 

 Unlike traditional credit scoring models that rely on limited financial 

statements, AI models process vast datasets and provide predictive insights with 

accuracy rates exceeding 80-90%. This enables banks to assess the probability of 

default more effectively and extend credit to previously underserved segments. AI-

driven credit scoring has been shown to reduce default rates by 20-30%, thereby 

strengthening financial risk management. Below Table 2 demonstrates the 

quantitative impact of AI tools on financial risk mitigation parameters in India’s trade 

finance sector. 

Table 2: Effectiveness of AI in Mitigating Financial Risks in Trade Finance in 

India 

Financial Risk Parameter Traditional 
System 

AI-Based 
System 

Impact 

Fraud Detection Accuracy 60–70% 85–95% 30% increase 

Credit Risk Prediction 
Accuracy 

65–75% 80–90%  20% increase 

Default Rate (Loan Portfolio) 8–12% 5–8% 30% decrease 

Fraud Loss Reduction Low Moderate–High 40-55% decrease 

Risk Assessment Time 3–7 days Real-time/1 day 75% decrease 
Source: Compiled from RBI publications, industry reports, and secondary data (2023-2025) 

 As presented in above Table 2, AI significantly enhances both fraud detection 

and credit risk prediction accuracy while reducing default rates and assessment time. 

The decline in default rates from 8-12% to 5-8% indicates improved loan portfolio 

quality, which is crucial for maintaining financial stability in India’s banking sector. 

Additionally, faster risk assessment enables quicker credit disbursement, improving 

liquidity for exporters and importers. 

Real-Time Risk Monitoring and Financial Decision Optimization 

 AI enables continuous and real-time monitoring of financial transactions, 

which is essential for mitigating dynamic risks in trade finance. Traditional systems 

often relied on periodic reviews, resulting in delayed identification of financial 

irregularities. In contrast, AI systems provide 24/7 monitoring capabilities, analysing 

transaction flows and detecting anomalies instantly. In India, AI-powered risk 

monitoring systems have improved decision-making efficiency by 50-60%, as they 
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provide actionable insights based on predictive analytics. These systems can 

forecast potential defaults, identify high-risk counterparties, and recommend risk 

mitigation strategies. For example, predictive models can assess the likelihood of 

delayed payments based on historical trade data, enabling banks to take preventive 

measures. 

Furthermore, AI enhances portfolio risk management by enabling dynamic 

risk scoring. Financial institutions can continuously update risk profiles of clients, 

reducing exposure to high-risk transactions. Studies indicate that AI-driven monitoring 

systems can reduce non-performing assets (NPAs) in trade finance portfolios by 15-

25%, which is particularly significant in the Indian context where NPAs have been a 

persistent challenge. Analytically, the integration of AI shifts financial risk 

management from static and reactive frameworks to dynamic and predictive systems. 

With improvements in fraud detection accuracy (up to 95%), reduction in default rates 

(by 20-30%), and faster decision-making (by over 50%), AI emerges as a critical tool 

for enhancing financial resilience in India’s trade finance ecosystem. This 

transformation not only reduces financial vulnerabilities but also supports sustainable 

growth in international trade by fostering a more secure and efficient financial 

environment. 

AI-Driven Enhancement of Transparency in Trade Finance 

 Transparency has historically been a major challenge in India’s trade finance 

ecosystem due to fragmented data systems, lack of real-time visibility, and 

dependence on manual documentation. AI addresses these gaps by enabling end-to-

end digital tracking of trade transactions, thereby enhancing information symmetry 

among stakeholders such as banks, exporters, regulators, and insurers. AI-powered 

platforms integrate data from multiple sources, including GST filings, customs 

databases, and banking records, to create a unified and transparent transaction 

environment. In India, such integration improves transaction traceability by 60-75%, 

reducing information asymmetry and enabling better monitoring of trade flows.  

 Furthermore, AI enhances audit trails by automatically recording every stage 

of a transaction, which significantly reduces the scope for manipulation or 

misreporting. From an analytical perspective, improved transparency directly 

contributes to risk reduction by enabling early detection of discrepancies and 

ensuring data consistency. For instance, AI-based systems can reconcile trade 

documents with financial records in real time, reducing mismatches by 50-65%. This 

is particularly crucial in India, where regulatory compliance and documentation 

accuracy are essential for maintaining credibility in global trade markets. 

Strengthening Regulatory Compliance and Governance Frameworks 

 Compliance with regulatory requirements such as Know Your Customer 

(KYC), Anti-Money Laundering (AML), and foreign exchange regulations is a critical 
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aspect of trade finance in India. Traditional compliance processes are time-

consuming and prone to errors, often resulting in delays and penalties. AI significantly 

enhances compliance efficiency by automating verification processes and ensuring 

adherence to regulatory standards. 

 AI-driven compliance tools can process and verify large volumes of customer 

and transaction data with accuracy levels of 90-95%, compared to 70-80% in manual 

systems. These systems also enable real-time screening against regulatory 

watchlists, reducing compliance verification time from 2-4 days to a few hours. 

Additionally, AI helps detect suspicious transaction patterns, thereby strengthening 

India’s efforts to combat financial crimes such as money laundering and illicit trade 

financing. Below Table 3 demonstrates the measurable impact of AI adoption on 

transparency, compliance, and decision-making efficiency in India’s trade finance 

sector. 

Table 3: Impact of AI on Transparency, Compliance, and Decision-Making in 

India’s Trade Finance 

Key Performance Indicator Traditional 
System 

AI-Based 
System 

Impact 

Transaction Transparency Level Moderate  
(50–60%) 

High (80-90%) 30% increase 

Compliance Accuracy 70-80% 90-95% 20% increase 

Compliance Processing Time 2-4 days Same day / hours 70% decrease 

Data Reconciliation Accuracy 65-75% 85-95% 25% increase 

Decision-Making Speed Moderate High 50-60% increase 
Source: Compiled from RBI reports, industry data, and secondary research (2023–2025) 

 As presented in above Table 3, AI significantly improves transparency and 

compliance accuracy while drastically reducing processing time. The increase in 

transparency levels from 50-60% to 80-90% indicates a shift toward more reliable 

and verifiable trade finance systems. Similarly, enhanced compliance accuracy 

minimizes regulatory risks and strengthens institutional governance. 

AI-Enabled Data-Driven Decision-Making in Trade Finance 

 AI has significantly transformed decision-making in India’s trade finance 

sector by shifting from traditional, judgment-based processes to data-driven analytics. 

Earlier systems relied on limited historical data, leading to inefficiencies and higher 

risk exposure. In contrast, AI utilizes big data and predictive analytics to deliver real-

time, evidence-based insights. 

AI systems analyse large datasets including transaction records, market 

trends, and macroeconomic indicators to support strategic decisions. In India, AI-driven 

decision-making has improved decision accuracy by 40–55% and increased decision 

speed by 50–60%. It also enables dynamic risk scoring and scenario analysis, allowing 

financial institutions to assess multiple risk conditions simultaneously. Predictive 

analytics further supports forecasting of trade demand and currency fluctuations, 
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facilitating proactive financial planning. Overall, AI transforms decision-making from 

reactive to proactive, enhancing efficiency, reducing uncertainty, and strengthening 

competitiveness in India’s evolving trade finance sector. 

Data Privacy, Cybersecurity, and Ethical Concerns in AI Adoption 

 The adoption of AI in India’s trade finance sector raises critical issues related 

to data privacy, cybersecurity, and ethical governance. AI systems depend on large 

volumes of sensitive financial and customer data, increasing exposure to risks, 

especially within India’s extensive digital infrastructure (Aadhaar, GST, UPI). 

Cyberattacks in the financial sector have risen by 30–40% annually, indicating 

growing system vulnerabilities. Additionally, AI models often function as “black 

boxes,” limiting transparency in decisions such as credit approvals and fraud 

detection, which can reduce stakeholder trust and create regulatory challenges. 

Algorithmic bias further poses risks, potentially leading to discriminatory outcomes, 

particularly for MSMEs lacking formal credit histories. These concerns highlight the 

need for strong data governance, enhanced cybersecurity frameworks, and ethical AI 

standards to ensure sustainable and secure adoption. 

Regulatory and Institutional Constraints in India 

 The regulatory landscape in India is evolving to accommodate AI adoption in 

financial services, but significant gaps remain. The RBI and other regulatory bodies 

have introduced guidelines such as the FREE-AI, yet implementation remains 

inconsistent across institutions. Only 20–25% of Indian financial institutions have fully 

integrated AI governance frameworks, while nearly 60–70% are still in exploratory or 

pilot stages. 

 Compliance with multiple regulations, including KYC, AML, and data 

protection laws, creates complexity for AI deployment. Additionally, the absence of a 

comprehensive data protection law (though progressing) poses challenges in 

ensuring secure and standardized data usage. Regulatory uncertainty often leads to 

cautious adoption, slowing down innovation in trade finance. Below Table 4 

demonstrates the key challenges and limitations associated with AI implementation in 

India’s trade finance sector. 

Table 4: Challenges and Limitations of AI Adoption in Trade Finance 

Challenge Area Significant Issue Description Impact (%) 

Data Privacy Risks Unauthorized access and data 
breaches 

35–45% 

Cybersecurity Threats Increased vulnerability to 
cyberattacks 

30–40% 

Regulatory Compliance Gaps Lack of standardized AI regulations 25–35% 

Model Interpretability Issues Difficulty in explaining AI decisions 20–30% 

High Implementation Costs Infrastructure and training expenses 40–50% 
Source: Compiled from RBI reports, industry studies, and secondary data (2023–2025) 
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 As presented in above Table 4, data privacy and implementation costs 

emerge as the most significant barriers, affecting up to 45–50% of institutions. 

Cybersecurity risks and regulatory gaps further complicate adoption, indicating that 

technological advancement must be accompanied by strong institutional frameworks. 

Infrastructure, Skill Gaps, and Implementation Barriers 

 Another major limitation in India is the lack of adequate technological 

infrastructure and skilled human resources required for AI deployment. While large 

banks and financial institutions have begun investing in AI, smaller banks and MSME-

focused institutions face constraints due to limited financial and technical capabilities. 

It is estimated that over 50% of small financial institutions in India lack the 

infrastructure needed for advanced AI integration. 

Additionally, there is a significant skill gap in AI expertise. India faces a 

shortage of professionals skilled in machine learning, data analytics, and AI 

governance, with demand exceeding supply by approximately 25–30%. This limits 

the ability of institutions to effectively design, implement, and monitor AI systems. 

High implementation costs further act as a barrier, with initial AI deployment requiring 

investments ranging from ₹5 crore to ₹20 crore for mid-sized financial institutions. 

This cost burden discourages widespread adoption, particularly among smaller 

players in the trade finance ecosystem. 

 Analytically, these challenges highlight that AI adoption in India is not merely 

a technological issue but a structural one. Without addressing infrastructure 

deficiencies, regulatory gaps, and skill shortages, the benefits of AI in mitigating risks 

cannot be fully realized. Therefore, a balanced approach involving policy support, 

capacity building, and investment in digital infrastructure is essential to overcome 

these limitations and ensure inclusive growth in India’s trade finance sector. 

Analysis and Discussion 

 The analysis shows that the integration of Artificial Intelligence (AI) has 

significantly transformed India’s trade finance ecosystem by reducing operational and 

financial risks. Based on secondary data, AI adoption has improved efficiency, 

accuracy, transparency, and decision-making. 

 From an operational perspective, there is a notable reduction in inefficiencies 

and documentation errors. Traditional systems showed error rates of 12–15%, while 

AI-enabled systems reduced these to 3–5%, indicating nearly a 65% improvement. 

Document processing time declined from 7–10 days to 1–2 days, reflecting about 

75% efficiency gains. Technologies such as OCR and NLP have enabled automation, 

while manual intervention reduced from 80–90% to 20–30%, minimizing human error. 

 AI has also reduced transaction costs and delays. Transaction costs declined by 

approximately 35%, and compliance verification time reduced by nearly 70%, improving 

liquidity and working capital efficiency. This is particularly beneficial for MSMEs, which 

contribute around 45% of exports, thereby supporting financial inclusion. 
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 From a financial risk perspective, AI has improved fraud detection and credit 

risk assessment. Fraud detection accuracy increased from 60–70% to 85–95%, 

resulting in a 40–55% reduction in fraud losses. Credit risk prediction accuracy 

improved from 65–75% to 80–90%, reducing default rates by 20–30%, thus 

strengthening financial stability. 

 AI further enables real-time monitoring and predictive risk management. 

Continuous monitoring improves decision-making efficiency by 50–60% and 

contributes to a 15–25% reduction in NPAs, enhancing financial resilience. 

 In terms of transparency and compliance, AI has increased transparency from 

50–60% to 80–90% and improved compliance accuracy to 90–95%. Processing time 

reduced from 2–4 days to a few hours, strengthening regulatory adherence and trust. 

 However, challenges remain. Data privacy risks (35–45%), cybersecurity 

threats (30–40% annually), interpretability issues (20–30%), regulatory gaps (25–

35%), and high costs (40–50%) hinder adoption. A skill gap of 25–30% further limits 

implementation. 

 Overall, AI has made India’s trade finance system more efficient, transparent, 

and risk-resilient. However, sustainable adoption requires a balanced approach 

combining technological innovation with strong regulatory and ethical frameworks. 

Conclusion 

 The study finds that AI plays a significant role in mitigating operational and 

financial risks in India’s trade finance sector by improving efficiency, accuracy, 

transparency, and decision-making. The findings show that AI reduces 

documentation errors, processing time, transaction costs, and manual intervention, 

while enhancing fraud detection, credit risk assessment, and real-time monitoring. 

These benefits are especially important for MSMEs, which contribute substantially to 

India’s exports. Additionally, AI strengthens regulatory compliance and transparency, 

leading to a more reliable financial system. However, challenges such as data privacy 

risks, cybersecurity threats, model interpretability, regulatory gaps, and high 

implementation costs remain key concerns. Therefore, sustainable AI adoption 

requires a balanced approach combining technological innovation with strong 

governance, regulatory oversight, and capacity building. Overall, AI is not only a 

technological advancement but also a strategic tool for strengthening India’s trade 

finance ecosystem and supporting economic growth. 
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